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— In continuous speech, phoneme identity is
nard to dissociate from the acoustic signal

— Phonemes incrementally provide information

The set of phoneme-based variables was
reduced to significant predictors:

Response functions for the remaining
predictors, masked to show only elements that
are significant across participants:

— Model including all
predictors that are
significant in the single-
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— Solo: one minute long audiobook segments

— Two-speaker mix: two audiobook segments,
task to attend to one while ignoring the other
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until all are significant (c.f. Balling and
Baayen, 2012)
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\ Modeled response (Stimulus = kernel)

Predictor variables

—Acoustic envelope: average of all frequency channels of an auditory
brainstem model (Yang et al., 1992). Spectrogram: average in 8 bands

permutation tests based on threshold-free cluster enhancement (Smith
and Nichols, 2009).
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